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Impact of Ego-Ships in Ship Collision Avoidance using Distributed Stochastic Search Algorithm
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DSSA_SCA is a state-of-the-art distributed algorithm for solving the Ship Collision Avoidance (SCA) problem.
This work empirically investigates how the existence of “Ego-Ship”, who cannot communicate her intention with
neighboring ships, affects the performance of DSSA_SCA using some sample data from www.vesselfinder.com.
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