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Covariate shift bias correction induced by action

Ltzd

TN

Ryota Higa

NEC 57— &Y A T2 A W55

NEC Data Science Research Laboratories

In this study, we consider the covariates shift caused by the action on the data problem. Also, consider the
method of bias correction using the density ratio estimation.In the numerical experiments, the action actually
cause unsteady/extrapolation problem of distribution. It shows that have a significant bias to the expected value
evaluation.Further illustrates that the method using the density ratio even in the case of changing the data size

and dimensions are effective.
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