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Debating Al: Counterargument Generation Based on Textual Supportiveness Recognition
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We will demonstrate a counterargument generation system in debating, which aims to utilize newswire articles for
decision-making support. Users can specify a claim such as “We should legalize casinos because they promote economy.”
and then the system outputs counterargument scripts against the claim.
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safety crime -1 | crime, prostitution, ...

-2-



3Pin1-16

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

NE =2 B HEE T, NBDWITFLRRIZE DT
SEE0H, NBDOWITHRRICEAITEE S Ty, AHDNOIX
FHRR O AT Loy, T /37— B ERRL, MRALMEAT ST
ENEIUCE TUIELNENERT 1220 DfA.

WAz, Bk (Stance Classification; SC) TH M ENES
ATVS [Mandya 16], BL D 1 D DR AR5 <012
KU CH# A9 5.

ARAFBIR . RIMER SUZ B W CTRAFBIRIZHD 2 FEO
T %33 one-hot L.

2T, P —MEHEE (Supportiveness Recognition; SR) 4%
ﬁOD%@E&LTuT@ 2 OE WD, Eamkt G EAME O BIR

1235 H T2 CTH L0, B SCNOE OFERI D x5
BILOMEE R IGT 2025 B LIRS L TD.

FERERE : ARILEM SO OEERRI G A R T RELANE A T
FEORNCHBL 28 F, 450, BlIFIHHV AT 5
one-hot ~Z7hL.

AR FE ARMUVBE AR SO O S A R TR LM A K T
FEOBICREBNEENINENEFRT 10> 0 Ol FEE
DOFEEET, —MRARnot” 72 & O EFEICI ., "ban”,
“barrier”, * drop , "hazard”7e & ORMEE IRS B L5703
Erie 154 FEDDIRD.

4.2 EERETE

7 —4&wh, Annotated English Gigaword [Napoles 12] 7>
DAl L7 D LETEL, AF TIN5 EICIDIERL
7o BRI SCO BRI, 31 3@V O 5 (kO xR EfffifE o~
TIZONWT, Him DRI G AAGEORBLGEO L 32 A
THIEITI TSl i‘%Z _T—&t/bd)ﬁnﬂﬁb’:ﬂ“#.

SR ORI O BEARIZIE, ()b Gmil RS ERIR D 7 1n)
PEETLHLO, (b)%ﬁ%“@gf—?@jiﬁ#}iﬁf HHLO, (C)FE
BIRA 2B D, O 3IEIDFIET D, K 2 DTV LD
ExHE, R ERD ZEBRO T R MEERR THHET
L&, @IIMEERRH DV NTMEI IR O T E, ()i BEf%
HOVITREBIR DG E, )T ERURZRL XIS T 5. 22

T, WERROF AT 5 ((2)&(b)H DV E(c) &k
5)2 TERAEEE, (R REAR MBI BIR AR 32 ((2)& () &7k
95) 2 fEREDO ENE U DN TEREIT 7.

HIET CRUT= SR Z VY, B SVM R8BI ER s &> iR

Z1To77. 3-fold DR ZER EICIVREEAZRIEL TV, 72771,

[FICEIRIZIE SRS PNE T —H T AT — XD 71T
GENHZLITRNIINTHEIL TS, RF2—F1F, C = {1072,
101, 100, 10%, 102} &L7=. F/2, R—ATA L DFFHELL T
Bag-of-Words (BoW) % Ju 7=

4.3 EE#ER

# 3 TEBR O EORBEE AT, BoW, MRILEE
B ORI FE O R % O 72 [BoW+ED+SR] 23 ik, F i
ME 57%E7 o7 LUl B W T O RS E O a0

* 3. WO A TEOTH TR R

RO 1 15 =8 FFELR F i
[ED] 55% 55% 54%
[SC] 57% 56% 56%
[SC+SR] 56% 56% 56%
[Bow] 57% 56% 56%
[BOW-+ED] 56% 55% 55%
[BoW+ED+SR] 58% 57% 57%

i, BOW RX—AT7A VI EORERPOLEIZE DR FIZ RS
Nieihnotz. BBRIOZ A DR NIARE CIER LT fF
BaEIIA HEITW 2.

F 4 (CEAERIER PN BIFR ORI A m 3. [BoW]DAE
FACHATISClE F D 5%m<, B O R SEN G M

ThHoTZZENBTENS. AT, BoW FR#E 35 £ e
Dotz BESEA AT WTE BoW &b Foikne
720 [Mandya 16] &5, Z0 mb Rk oHi@E A VR
L. LIDLIENG, BESEORMBE IR —MEHE TR G O
R A N Z 72 [SCH+SR] 3 e BVKEFE L 7p o7z, iR DT 52
LA HE B L7 FF R I L TR O R B bz,

5 &HYIC

KFECIE, KR ER Y AT AORERT7a— 2 oW Tilk-, 4
A= MEHEEIZ DWW THEBREIT o7z, AR —MEHEE LD Z A
IR ZDZET, TIROUILT D2 £ 2 7~
EERTHVAT LERFE L. — TR —MEHEEIZ oW

TGN RT3 Tldrel, FROBRROF BEOMBIIC
DN A EIOEBR CIIH N RE RO AZENTER
otz =T7—5 W SICKORTE D S5 &b Tl

LAl E, BEER FEART, STERT AT ALK /XTA%»F”
AU THEE T =M ATREZR U AT KT 5720, i)
ORI ET— B IEOH DR %%F‘%f%éio&%&@ﬁﬁ%é%
HEDTUL.

SE X

[Bilu 15] Yonatan Bilu, Daniel Hershcovich, and Noam Slonim:
Automatic claim negation: why, how and when,
Proceedings of the 2nd Workshop on Argumentation
Mining, pp.84-93, Association for Computational
Linguistics, 2015.

[Bosc 15] Tom Bosc, Elena Cabrio, and Serena Villata: Tweeties
Squabbling: Positive and Negative Results in Applying
Argument Mining on Social Media, Computational Models
of Argument (COMMA), pp.21-32, 10S Press, 2016.

[Carsteins 15] Lucas Carstens and Francesca Toni: Towards
relation based argumentation mining, Proceedings of the
2nd Workshop on Argumentation Mining, pp.29-34,
Association for Computational Linguistics, 2015.

[Cocarascu 17] Oana Cocarascu and Francesca Toni: ldentifying
attack and support argumentative relations using deep
learning, Proceedings of the 2017 Conference on Empirical
Methods in Natural Language Processing, pp.1374-1379,
Association for Computational Linguistics, 2017.

[Mandya 16] Angrosh Mandya, Advaith Siddharthan, and Adam
Wyner: Scrutable Feature Sets for Stance Classification,
Proceedings of the 3rd Workshop on Argumentation Mining,
pp.60-69, Association for Computational Linguistics, 2016.

% 4. (et BELR L i BIGR D dk I SR R

i W FRHLR F i
[ED] 58% 550 56%
[SC] 62% 69% 64%
[SC+SR] 68% 71% 69%
[Bow] 61% 57% 59%
[BOW+ED] 62% 59% 60%
[BoW-+ED+SR] 64% 63% 63%




3Pin1-16

The 32nd Annual Conference of the Japanese Society for Artificial Intelligence, 2018

[Manning 14] Christopher D. Manning, Mihai Surdeanu, John
Bauer, Jenny Finkel, Steven J. Bethard and David
McClosky: The Stanford CoreNLP natural language
processing toolkit, Proceedings of the ACL 2014: System
Demonstrations, pp.55-60, Association for Computational
Linguistics, 2014.

[Mikolov 13] Tomas Mikolov, llya Sutskever, Kai Chen, Greg S
Corrado and Jeff Dean: Representations of Words and
Phrases and their Compositionality, Proceedings of the
Third Workshop on Argument Mining, pp.3111-3119,
Curran Associates, Inc., 2013.

[Napoles 12] Napoles, Courtney, Matthew Gormley, and
Benjamin Van Durme : Annotated English Gigaword
LDC2012T21, Philadelphia: Linguistic Data Consortium,
2012.

[Rinott 15] Ruty Rinott, Lena Dankin, Carlos Alzate Perez, M.
Mitesh Khapra, Ehud Aharoni and Noam Slonim: Show me
your evidence - an automatic method for context dependent
evidence detection, Proceedings of the EMNLP 2015,
pp.440-450, Association for Computational Linguistics,
2015.

[Sato 15] Misa Sato, Kohsuke Yanai, Toshinori Miyoshi,
Toshihiko Yanase, Makoto Iwayama, Qinghua Sun and
Yoshiki Niwa: End-to-end Argument Generation System in
Debating, Proceedings of the ACL-IJCNLP 2015 System
Demonstrations, pp.109-114, Association for Computational
Linguistics, 2015.

[V 16a] Vel 200, BIH: 57T, MR FZ, J&b Hhik, P
Tkt TN N TABRIC BT D B RMR R DT
DT FANNOGRIMIEICRE T 584, A LMETR®
[ER&FSUE, 4 30 %, 4B1-3, pp.1-3, A THIfEHS,
2016.

[Vefi 16b] ek F20b, M 225, W FZ, =45 RIS, f2hk
P, PR AR R SR B B AR T2 DR
SCRFEAE O T2 AR — MEHE T, N LR 723 i SCRE,
%5 31 % no. 6, pp. AI30-L_1-12, N\ TAIfEZ4, 2016.

(M3 15] M Z£4v, =aF RS-, W0 Rz, Ve 200, FH

Jikl, Reisert, P., #2 KRR : 7 4~ —bh AN TEIREICISIT S
B RAM N LR TSR E RS, 5 29 &, 3M3-
2in, pp. 1-3, A TAIfES4>, 2015.



