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Dialogue systems cannot respond to queries including unknown words. Constructing a perfect knowledge base
is practically impossible; that is, filling all the attributes in relational databases is quite labor-intensive. We are
trying to construct a system that responds reasonably by exploiting existing system knowledge even when a user’s
query contains unknown attributes. More specifically, we use knowledge graphs as the system’s backend and infer
unknown attributes of entities by generalizing them with collaborative filtering and tensor factorization. As a first
step for it, we extracted a knowledge graph from Wikidata, a commonly-used LOD (linked open data), in the food
and dish domain, but it was sparse for generalization. We expand the knowledge graph with external datasets,
specifically recipe data contributed to a Web site, and evaluate it by a task to find similar words.
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