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We propose a person re-identification method for mobile robots that periodically provides services to specific groups. This 
method consists of a feature extractor that learns to extract person features based on the Triplet Loss from person regions 
detected by a region-based CNN and a person re-identifier that learns to identify persons through transfer learning of person 
features while moving around a room. The person re-identification incorporates adaptive transfer learning to periodically re-
learn the same persons with different appearance, such as clothes etc. Performance of the proposed method is evaluated by an 
experiment using a public large-scale data set and an experiment using the self-made dataset periodically collected for the same 
group by the mobile robot. 
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4.1  
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2   
dataset r1 r5 r10 r20 mAP
PRW 78.7 89.0 92.2 94.3 33.6

SOTARO-1 84.1 86.0 86.9 87.8 79.8
SOTARO-2 78.9 82.2 83.3 84.5 74.6

3   
feature trans r1 r5 r10 r20 mAP
PRW SOTARO-1 79.9 92.7 96.3 98.4 85.3
PRW SOTARO-2 71.4 85.3 90.7 95.4 77.9

SOTARO-2 SOTARO-1 81.3 93.6 97.2 98.4 86.8
SOTARO-1 SOTARO-2 78.3 91.9 95.0 98.2 84.5

 1   /  
Train Gallery Query

PRW 17690 / 483 16343 / 450 2057 / 450

Train Test
SOTARO-1 12789 / 41 3193 / 41
SOTARO-2 12825 / 48 3194 / 48
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