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Patient's sitting position estimation using skeleton information and bed position detection
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The work of a nurse in charge of nursing of a hospitalized patient is a task that leads to a serious accident with a single
mistake or overlook, so nurses are exposed to high stress. In particular, the three items of medication, tube connection, and
fall are factors that lead to serious accidents and are considered to be a major load factor of nursing work. In order to reduce
the burden of nursing work, we estimated the sitting posture, which is the initial posture of the patient's lifting motion, using
the camera image. In this study, as an initial study of the study, we estimated the patient's sitting position by combining the
detection result of the skeleton position of the patient, the detection result of the bed position and the integrated processing of
them. As a result of the evaluation, the end sitting position was identified with an accuracy of 98.6 [%].
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Fig. 3. Overview of network
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Fig. 4. Results of Pose and Bed Detection
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Fig. 5. Learning Curve
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