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Development of quantum autoencoder
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Classical autoencoder is used for compression dimension of the image data and take characteristics, called prior learning.
Here we propose quantum autoencoder using quantum annealing. Quantum annealing is optimization technique by adding a
wide magnetic field to spin system expressed in isingmodel. But, to solve the optimization problem using quantum annealing,
it is necessary to convert the problem into a combination problem of two values(+1) as direction of the spin(up spin:+1, down
spin:-1). In this paper, we explain learning method of the image using quantum autoencoder, then we show the result that took

characteristics from original image data. Finally, we tried noise reduction from original image data using characteristics.
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