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We propose a new method to automatically generate bilingual corpus using word embedding. The bilingual corpus is 
effective as the language resource for natural language processing. However, the generation of bilingual corpus by human 
needs high cost.  In this paper, we propose a new method to automatically generate bilingual corpus using word embedding. 
Our proposed method uses two similarities: One is the similarity based on Earth Mover’s Distance (EMD); another is the 
similarity based on the sentence vector. Through the evaluation experiments, we confirmed that the weighted mean between 
the similarity based on EMD and the similarity based on the sentence vector is effective to extract the correct bilingual 
sentence pair. 
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