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RO ENZEAT 5720, FET % ZOMRERIZHRL TH
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K 1 CIREFEOMEEZ/RT. £3, 23— 2T OHAKGE
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*1  https://github.com/google/sentencepiece
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Neural Machine Translation with Kanji Decomposition
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Shizuoka University
This paper proposes a method for neural machine translation (NMT) with kanji decomposition of Japanese text.
NMT models have restrictions of the vocabulary size, which can be solved by applying subword, character-level, or
byte-based models. In Japanese text, the vocabulary size would not be minimized even in a character level because
of kanji varieties. We report an experimental result of NMT model using Japanese text with kanji decomposition
that is expected to satisfy both of decreasing vocabulary size and keeping kanji information.
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