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In this paper, we consider the framework of statistically significant ranking for frequent episodes, proposed by
Tatti (DMKD, 2015), where an episode is a structured pattern in the shape of vertex labeled directed acyclic
graphs. For the class of diamond episodes, we present an algorithm, called MINERANKEDDMD, that generates
frequent episodes with their ranking in a collection of event sequences. In the experiments on synthetic data set,

we evaluated the performance of the proposed algorithm.
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