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In the present paper, we propose a new theory named “Theory of inderterminate natural transformation(TINT)”
to investigate the processes of creating meanings as association relationships between images, focusing on the
metaphor comprehension as an example. TINT models the meaning creation as a constructing indeterminate
natural transformation which is defined by the category theory and stochastic processes. This theory allows us to
represent structure-structure interactions between the meaning of target and source of metaphor.
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3: f\C F

μ

1 Neighboring rule

2 Fork rule

μ –
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