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Innovative approach for prediction of local weather using machine learning
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Local weather forecasting is technically very difficult because the mechanisms are still unknown and there are a lot of errors with
numerical model. In this study, we found some close relations between the observed precipitation and the simulated precipitation
distribution patterns in a local area, and then we have applied the relations to predict the local precipitation using machine learning (A
regression model of support vector machine). As the result, the model biases were drastically reduced by the innovative approach. It is
expected that this approach is useful to improve the performance of the local weather forecast.
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