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Abstract: By evaluating the effect of the video content, the content creator can know how the viewer felt his work. In this 
evaluation process, traditionally self-report type questionnaire data has been used. However, since this method involves 
participant bias, experimenter bias, or human diversity, accurate evaluation is difficult. Also, in order to eliminate these as 
much as possible, it is necessary to obtain an appropriate subject, which is high cost. In order to deal with these problems, 
this study proposes a method to complement physiological information in addition to questionnaires when evaluating 
emotional response to video contents. Specifically, it is a combination of subjective self-report questionnaire and heart rate 
variability. It is the viewer of short television commercials and news programs that are watched via the VR headset platform. 
Analysis was done using support vector machine and random forest. As a result, effective models and analysis results were 
obtained.
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1 N  
model feature training test recall f-value 
rbf nn50 100 72.9 66.7 59.4 
poly rmssd 84.3 52.1 45.8 42.2 
rbf hf 46.6 45.8 33.3 20.8 
linear sdnn 97.7 33.3 33.3 23.6 
rbf pnn50 100 45.8 45.8 36.1 
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