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Knowledge bases play crucial roles in a wide variety of information systems, such as search engines and intel-
ligent personal assistants. For responding constantly fluctuating user information demands, we aim to construct
a large-scale and well-structured multi-domain knowledge base from the world’s evolving data. In this paper, we
discuss enterprise-specific issues with knowledge base construction and present how to deal with these issues in
our construction system. To maintain the quality of our knowledge base at the production-level, our construction
system is carefully designed to incorporate various automatic and manual validation methods. We partly leverage
manual validation methods to deal with business requirements and user feedback quickly since it is difficult to filter
out all incorrect facts automatically in practice. Our constructed knowledge base is already utilized in real-world
Japanese Web services, and the number of entities in it keeps growing steadily.
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1:

Wikidata 30 GB (JSON) 2

DBpedia ( ) 120 GB (N-Triple) 1

Freebase 380 GB (N-Triple) 2015 6 30

Wikipedia ( ) 2.6 GB 2

≈ 100 GB (JSON, TSV, XML )

Web ≈ 1,000 GB
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