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The aim of this study is to enable a mobile robot to perform navigation tasks by probabilistic inference using
spatial concepts on a probabilistic model. Specifically, path planning is performed to the target state of a spatial
concept estimated through human speech instructions such as “Go to the kitchen”. In the experiment, places
instructed by the speech command of the user showed high probability values, and the trajectory toward the target
place was correctly estimated.
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1: SpCoNavi

{W,μ,Σ, θ, φ, π}
LM

ΘG = {m,W,μ,Σ, θ, φ, π, LM}
[Taniguchi 17]
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