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Many of the prior research in the recommendation through dialogue were designed separating dialogue and
recommendation. However, since the accuracy of the recommendation itself is not necessarily high, rarely the
recommendation result meets user needs. We human, however, can guide the solutions satisfying the user, by
appropriately repeating the cycle of checking mismatch reason and making another recommendation in our con-
versations. In this paper, we proposed a system to leverage a dialogue strategy for reinforcement learning using
recommendation results based on user s utterances. We realized a dialog system to perform adaptive behavior
that naturally incorporates recommendations into conversation with users.
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1:
success dialogue example failure dialogue example

User: Can you book a table in Madrid?
Agent: What type of cuisine would you like to eat?

User: With Italian food.
Agent: May I suggest this option:

resto madrid cheap italian 7stars 2
User: No I don’t like that.
Agent: Is there any change?

User: Instead could it be with British cuisine.
Agent: Is there any change?

User: No.
Agent: May I suggest this option:

resto madrid moderate british 7stars 1
User: Let s do it.

User: Can you book a table with French cuisine in Bombay?
Agent: Would you mind telling me your price range?

User: I am looking for a moderate restaurant.
Agent: How many people would be in your party?

User: I’d like to book a table for two people.
Agent: Is there any change?

User: Instead could it be in a cheap price range?
Agent: Is there any change?

User: No.
Agent: May I suggest this option:

resto bombay cheap french 7stars 2
User: Do you have something else?
Agent: May I suggest this option:

resto bombay cheap french 3stars 1
User: No I don’t like that.

Agent: Is there any change?

User: No.
Agent: May I suggest this option:

resto bombay cheap french 8stars 1
User: No I don’t like that.

Agent: Is there any change?

User: No.

Agent: May I suggest this option:

resto bombay cheap french 4stars 2
User: Do you have something else?
Agent: May I suggest this option:

resto bombay cheap french 3stars 2
User: No I don’t like that.
Agent: May I suggest this option:

resto bombay cheap french 1stars 1
User: No I don’t like that.
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