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In this paper, we proposed document sets consists of two types, a diversity description type that records actions
to different objects and a change description type that recordings actions to objects that could be regarded as
the same and attempted to extract objects of a change description documents. We assumed that co-occurrence
words of a word indicating the object would have high similarities and words having different appearance time
distributions in change description documents. As a result, we confirmed that it is possible to extract objects of a

change description type documents.
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