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Visualization of Inter-Regional Flows in the Virtual Currency using Machine Learning

4 BRE

Joomi Jun

*1 g AN

AR FBER T

SOKENDAI

KB 2T

Takayuki Mizuno

2 E NIRRT ZERT

National Institute of informatics

Human activity creates a specific pattern in 24 hours. The patterns can be influenced by the time zone they live in. Therefore,

we can classify their time zone by their activity pattern. We have built a bitcoin-time zone classifier using XGBoost, a machine

learning approach. We have classified the time zone of the specific bitcoin addresses used in the Ponzi event and visualized the

flow.
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Accuracy 0.888 0.91
95% CI (0.86, 0.912) (0.871, 0.939)
No information rate 0.333 0.333
Kappa 0.832 0.865
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