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In this study, we focus on the second-hand fashion EC site. In this site, the trade-in price is determined according
to the exhibition price so that the decision of the appropriate exhibition price is strongly important. However, it
is difficult to determine the best exhibition price because there are two types of items such as the items purchased
with no discount and that purchased with discount. Therefore, we proposed a method to estimate the maximum
exhibition price without discount for each item. In our proposed method, at first, we construct a binary classifier
which classifies the item which is purchased with a discount price or not. In addition, we estimate the best price
with changing the exhibition price of each item little by little. The effectiveness of our proposed method is clarified
using real purchasing history data of this site.
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