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We created the local assembly minutes corpus, which connected the politicians’ profile, the results of elections
and politicians’ utterances. This corpus includes minutes of plenary assemblies in 47 prefectures of Japan from
April 2011 to March 2015. This paper shows that a politicians’ utterance in the assembly makes an effect for next
election in order to predict next election results by Machine Learning. Therefor we tried to clarify characteristic
words between the election winners and election losers in the assembly elections.
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2,172 775 2,947

18 2,172 1,863 4,035

3: 18

( 2011 4 2015 3 )

ID

1 58 10 68 11 0 11 79
2 40 3 43 0 0 0 43
3 31 4 35 2 0 2 37
4 33 4 37 4 0 4 41
5 39 7 46 0 0 0 46
6 36 3 39 0 0 0 39
7 64 6 70 1 1 2 72
8 69 5 74 2 0 2 76
9 59 18 77 4 0 4 81
10 37 5 42 0 0 0 42
11 32 2 34 1 0 1 35
12 28 3 31 1 0 1 32
13 29 0 29 0 0 0 29
14 25 2 27 0 0 0 27
15 43 8 51 0 0 0 51
16 34 3 37 0 0 0 37
17 56 6 62 0 0 0 62
18 64 9 73 0 0 0 73
19 39 4 43 0 0 0 43
20 33 4 37 0 1 1 38
21 45 2 47 0 0 0 47
22 59 15 74 0 0 0 74
23 53 9 62 6 1 7 69
24 33 5 38 0 0 0 38
25 33 2 35 0 0 0 35
26 25 3 28 0 0 0 28
27 26 5 31 0 0 0 31
28 46 4 50 0 0 0 50
29 34 6 40 2 0 2 42
30 49 2 51 2 0 2 53
31 28 3 31 0 0 0 31
32 37 1 38 1 0 1 39
33 35 2 37 1 0 1 38
34 23 4 27 0 0 0 27
35 0 0 0 65 4 69 69
36 30 4 34 0 0 0 34
37 33 6 39 1 0 1 40
38 31 8 39 1 0 1 40
39 32 3 35 0 0 0 35
40 29 2 31 1 1 2 33
41 35 6 41 0 0 0 41

- 1,565 198 1,763 106 8 114 1,877
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5:

X Lose(X) Lose(NotX) Win(X) Win(NotX) LLR
17 61,134 1 332,648 27.97
55 61,096 82 332,567 24.00
304 60,847 1,037 331,612 23.51
58 61,093 92 332,557 23.48
26 61,125 17 332,632 22.44

X Lose(X) Lose(NotX) Win(X) Win(NotX) LLR
80 84,140 42 333,510 59.05
9 84,211 355 333,197 52.18
30 84,190 2 333,550 41.02
324 83,896 682 332,870 40.35
38 84,182 17 333,535 30.68

X Lose(X) Lose(NotX) Win(X) Win(NotX) LLR
284 55,104 345 202,439 87.69
62 55,326 34 202,750 41.27
44 55,344 13 202,771 40.27
56 55,332 565 202,219 34.58
25 55,363 1 202,783 34.49
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6:

X Lose(X) Lose(NotX) Win(X) Win(NotX)

0 61,151 82 332,567
0 61,151 60 332,589
0 61,151 58 332,591

0 42,515 84 248,137
0 42,515 68 248,153
0 42,515 58 248,163

0 34,030 78 349,558
0 34,030 75 349,561
0 34,030 72 349,564

0 84,220 95 333,457
0 84,220 82 333,470
0 84,220 60 333,492

0 58,493 110 392,635
0 58,493 80 392,665
0 58,493 72 392,673

0 32,205 95 335,423
0 32,205 82 335,436
0 32,205 72 335,446

0 56,648 161 406,693
0 56,648 132 406,722
0 56,648 129 406,725

0 55,388 66 202,718
0 55,388 58 202,726
0 55,388 56 202,728

0 33,289 93 236,402
0 33,289 81 236,414
0 33,289 77 236,418

0 77,286 81 339,782
0 77,286 50 339,813
0 77,286 48 339,815

td 0 55,281 405 345,529
( ) 0 55,281 245 345,689

0 55,281 108 345,826

0 79,867 75 307,779
0 79,867 74 307,780
0 79,867 56 307,798

0 73,763 98 474,951
0 73,763 88 474,961
0 73,763 84 474,965

LSI(Latent Semantic

Indexing) 100

-1

Support Vector Machine

3 1,763

1,411 1,252 ,

159

352 313 , 39 7

SVM Precision Recall F

1.00
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7: Suport Vector Machine

Precision Recall F-measure

0.89 1.00 0.94

(313/352) (313/313)
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