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It is difficult to interview real hope from customer through face-to-face consultation. For example, when customers
try to purchase houses, even if they explain their hope to the sales staffs, they frequently purchase houses which are
different from what they explain before. In other words, getting real hope of customer from face-to-face consultation
is a difficult task. As the result, sales staff cannot offer satisfactory houses and lose their customers. In this study,
we conducted a questionnaire on customers who bought house to see the relationship between pre-lisning results
from them and their actual purchases.

1.

1)

2)

1.1
1

( 1,2,3)

1.2

: , ,

104-0054 1-13-1

1:

m

[ , , ...]

[ , , ]

[ , , , ...]
18 5

[ , , ...]
24 3

[ , , ...]

50 5

Gradient Boosting Tree

2

2.

1 330

1

3.

1, 2, 3

1

The 33rd Annual Conference of the Japanese Society for Artificial Intelligence, 2019

2M3-J-13-03



1:

2:

3:

4.

10-hold MAE

A

B +

C + +

D + +

E + +

F

, [Breiman 84], [Breiman 01],

GradientBoostingTree[Friedman 01],

[Hinton 89]

0 1

[scikit-learn]

L2 1

F

330

[pytorch] 20 Relu

2

B [

, ]

E [

, , ] GradientBoostingTree

C [ , , ]

2

[scikit-learn] Lars Buitinck, et al.: API design for machine

learning software: experiences from the scikit-learn

project, 2013.
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2: 10hold ( 0 1 )

/ A) B) A C) B+ D) B+ E) B+ F)

01.LinearRegression 0.108 0.108 0.111 0.116 0.117 0.130

02.RegressionTree 0.109 0.118 0.144 0.146 0.134 0.167

03.RandomForest 0.109 0.114 0.117 0.118 0.118 0.118

04.GradientBoostingTree 0.110 0.112 0.114 0.111 *0.107 0.112

05.MultiNNet 0.116 0.121 0.117 0.118 0.115 0.117

01.LinearRegression 0.110 *0.105 0.111 0.107 0.116 0.122

02.RegressionTree 0.111 0.112 0.143 0.143 0.139 0.160

03.RandomForest 0.111 0.109 0.119 0.116 0.113 0.116

04.GradientBoostingTree 0.109 0.107 0.109 0.108 0.116 0.114

05.MultiNNet 0.116 0.109 0.105 0.106 0.110 0.109

01.LinearRegression 0.195 0.198 *0.191 0.203 0.208 0.213

02.RegressionTree 0.203 0.215 0.255 0.279 0.244 0.246

03.RandomForest 0.200 0.217 0.209 0.224 0.193 0.197

04.GradientBoostingTree 0.197 0.204 0.196 0.203 0.203 0.199

05.MultiNNet 0.196 0.195 0.193 0.194 0.192 0.193
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