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Drawing interaction between human and recurrent neural network
~Web-based large-scale data collection for training and its analysis—
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To investigate human interactive behavior, we designed a drawing interaction task between a human and a
recurrent neural network (RNN). This study especially collected a large-scale dataset of drawing for training
an RNN and self-report psychiatric questionnaires on the web. We visualized the drawing data and analyzed
the questionnaire items collected from 1,035 participants.
symptoms and the existence of three-factor solutions on the correlation matrix of all the questionnaires.
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We found correlations between different psychiatric
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