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Aquaculture is globally important now, and because of the increase of worldwide demand, it will be more
essential in the future. To supply stably, appropriate management of farm environment is necessary, and prediction
of seawater temperature is important too. Therefore, to improve accuracy of seawater temperature prediction model
is strongly needed. In this paper, we experiment prediction models that element and input length are different for
the improvement of accuracy. From the experiment results, effective element and input length are revealed, and
more improvement of prediction accuracy is expected in future.
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0.5m 2.0m 5.0m 8.0m

0.385 0.275 0.236 0.245

0.385 0.282 0.233 0.263

0.306 0.231 0.219 0.259

0.237 0.209 0.189 0.139
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0.5m 2.0m 5.0m 8.0m

8 0.614 0.407 0.36 0.406

16 0.581 0.405 0.365 0.426

24 0.592 0.409 0.361 0.422

8 1.22 1.197 1.224 1.205

24 1.142 1.154 1.22 1.138

48 1.059 1.102 1.04 1.102

72 1.069 1.027 1.08 1.025

5: RMSE

0.5m 2.0m 5.0m 8.0m

3 1.133 0.847 0.83 0.861

7 1.0 0.791 0.772 0.818

14 0.96 0.754 0.755 0.772

21 0.933 0.764 0.777 0.794

3 1.131 1.05 1.02 1.08

5 1.1 1.044 1.01 1.039

7 1.027 1.018 1.012 1.017

7 1.16 0.916 0.932 0.883

14 1.032 0.846 0.83 0.84

21 0.979 0.811 0.798 0.787
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