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A consideration of word sense disambiguation of company name utilizing securities report
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Word Sense Disambiguation (WSD) is a research field that distinguishes semantics from peripheral information of the target
word. This research worked on WSD of company names and aimed to acquire the same classification accuracy as supervised
learning with unsupervised learning. Success of WSD of company names with unsupervised learning will enable us to extract
only the information of the specific business without considering the appropriate search word, without putting enormous
effort on preparing teacher data. We proposed a classification method to judge word sense from similarity of word vectors by
business created using securities report and word vectors of words in classification target. With the proposed method, we
achieved almost the same classification accuracy as supervised learning. It is suggested that introduction of a model for
determining similarity to unknown words such as fasttext, suggests that there is room for improvement of accuracy.

1. [FCHIZ

WERDTH AN A= 7 OFEEIZ, CFFNDORFTLDOHHE
e arEn TWBEZERNDD. BIZIE, EEETFEFE T RTAN
— &, RUEILERTIRIANR— DI L HKEOMETH
5. ZDOXHe B HIEITHI LT, SMBEEO BN IE R e HiER
TR DB R R AR & OO 0 B 23 5.

ARIFZETIE, M RFEEAEELITRY, HETHY 8 TRELEL
TRV D NG 2, 3Rl T — 2 DAEREAT DT
WCERTDIEE HIET. SO FEL v~ &
B B, OFE/A—H—LLTDY <N, @ BA—T—EL
TOY<, @DODNWT I THRNY /N, DIDDFEFRIC
RIS,

AL ST, WIS oI 2ads. 1, &%
£ OFERBIRMEMRE N CENE, WY BMET—TV—RE&E
WORTLY, FFEFEOBERO LM T AlEEL e
LIRTHD. v O fihEHEICOWNTT I RN —40
LarELIEE bR, Y~ A7 L0 RETHR%R
L7 —2& T2 ARS Wb sn, it i
TBT —HTINA7 PR EEN RN DIEELDD. —FHT, il
YRR —U — &1 22— =) T TRYIT 01K
A[RECHD. TDIITRGE, L DOFEFRMEMMEMIE TE
N SN TCOBZEITE I THD.

2m B, FENZ LB XD RE TSR AR TE C, X REED
JEATEHRITINZ, SRS L T —F ADFERSCATE
HFED Chen H[Chen 2014]&LVHIERIN TS, ZOT /LAY
A LZYRIEL, A MRS E2 Ak — ALl 2L
DFEFEBEERIEME CHMTAFRATE A LI TH 5.

2. EEREEBRMEARH

bR TR LD AR R R AR L, — U0
BICTHRR T HZEB B, BIZIT, HABIRIA 8 — 1251
I i e S D, 4 % DRI L CEDRBIh O TR
A= | OFERE T HL TR ZNEHAITT — 212, 875D
B2 L E R GFRORIEL L COPBBREMEE, W5 A0 %%

WIS A E 2, BRI Y R AR AR, R
TEBSCR X KR 3-29-1, s1740125@s.tsukuba.ac.jp

1T 5FIETHD.

UL, #ifid0 E B LD BT T — 2 OVERL= AR
K&, RGFEENRTESN CUEIMENDD. £ TOHEICE
Fa AT 5 DRE MR MEAR T all-words WSD &V X AT L
LTSIV TGRS, ZZClE#HAI b2 LT 7 e—F
IRFEBLENTHY, i LR BN AWDND. 72720, #Eliz
LB LD B 1T — AR IS ET HH0 5238 KB IR O R E DS
HD.

HEM72 U RN L ARE R B R MEARYEIZ I T —IF state-of-
the-art DOMEREATRL TUWZDAY, Chen H DOFETHD. Chen
b, Mikolov H[Mikolov 2013]LV#RFEE 7= Skip-gram (24
DHEE SR BAS-, v/ —F A WordNet[wordnet] |0,

FRBOFERSCH OFEL HEEEFIH L THFEROBER~VN
WEIERR, ZOBBRNIMNVERIRGEN G ENDL LD TFHA
MRIIVEDTYALABRED D, FEFHREZHEL TN,

AHFFEDVEZRTIEIL Chen SO FEEIIELIZLOTHD.
Chen HIZANEBENEREL T WordNet DOFERSTATE ALIZAS, 42
X ITONWTHEREZHHAL TOBIEREL T, AP TIEA
MHRES RS AR L7z,

3. NEREIEEAICKDSTEERDERERMEAEE

FEFRBEBRMEARIY O R ET A EITIE PN BB E LT
ZITWOH =3, Y RSt B E RS
tHo24tE 4.

Hf&7 Lo TS L7 B R sATIEE S o Tv <N )
BETesL 2109 AN T —HEUT-. E5IZ, HifiFEAH
HE L TR FEICS KT DEIEAEITRREL, 2017 FEO
T RSB IOV~ " REEE S oA hEE 5§
HENSEERN SR, RIFFE RO T —
HLlTz.

ARFFETIL, AT B O TR LRI RE LT, #
Flidh 5238, 27 L5, Chen HOAFFEAN—RELT-Fik
D32, FHAFIECHIEREE R L7z,

T, HAfHD 2R U M REET — % DA E
EEICR D, MR T —F BLOAMRERREEND
tfadf fE—ELL LA FAE L, Btk E TIE 9 5560
RIMVELTZ. HERRT —2NBETLOIK 1 DXk



3C4-J-9-02

The 33rd Annual Conference of the Japanese Society for Artificial Intelligence, 2019

VD, 2 TRFEO FINFEN DRI REANI ML SIS, S5
2, ARG EDNOEIb 0BT 5L 2 OIS,
T TN GRS R IR MV LS Z 8 LD,
B 1. KR D 75705177 F
TRRCE. HEFECI0EDERER V) \EBRE EERO TS Netr<) VR
BILTHES R

A2 RIS TOBREERE. VI E—H— ) (=Y R TFIFVUSD - A2 RRS
F(YPMD)Z I 2 DRFENSEEFT—HUTFNIBRRICETS

T —
HREBOEDEN S

SMEBRIGHN SIS IZFRIE
HEOER NN
B8R | 52
>
. 0 0

0.144 0.116

0.117 0.110
0 0

BIMEEASREBN SEEFICERDHD
DEFE bt

-idFIERY0.005 5 EDF—— R | [P _| U8, 0.032), GH 1>, 0.024), (€77,0.022)
| [=% [ (37, 0.028), (x>>>, 0.028), (v=/\5eBitk, 0.023)

Wikipediah SISTZEEENBERIA C T | [55 | 8, 0032), (158, 0.032), G91>, 0.02
+ HBBUE0.550 e et e

B
0.117 0.110
0 0

0
0.144 0.116 0 0 0

X1 2. S} EB A SR F N

0.028 0.028

ST, B FE T SVM, 7L Tl K-
means VL& FEHEL7Z.

KIZ, Chen HOWFZEZX—ALLT=F% (LU FChen HDOF
15 ENES) IARTRGED FIE T RREET — Z DVERIEIZ DWW T
WRARD. FEERRE EORFER OO L4 TS
W, YYNDOFETHIVUL Y~ ), Yo RO S
ThIUI v FEHE ) OHEFE~I ML (B H Fifi=— 2
[FH T 2017]iZ gensim 7177 Y[gensim]? word2vec BA%X% it
AL TS Eoath AR EZRF R L. WRIZ, 2123
LPUEOREtE 0 75 1 ETHTELLND, A HEEN
Pl EOHGEO B AT LTz, FfZis, L= e

LU EDOHEEREICOWTHEESI MV O EGHRL, ZieF
RN HEERI ML ERIRUT.
PLEDOFEFERHFFESI MV OER T e A% FED 5L, K 3
DIDTD.
[ WE WD —) CA5 55kip-gramEFIF L Cl & RIBOMIE~S L EfER
e
TIIBRSY - T/ \RDRESST
OREEYSEELT. SERICRET
SIS
T——
(TR v R £ D
TRIGSAE D0 AR ST || pme oomy, ro 0.2, 020 0.2%), 09, 0.2), (38, 0.31), PR, 0.21), (R, 02
%8S - BvEIA ( %) &) - WEE B, [FEAL, 0.33), (Wi, 0.27), (N, 0U32), [Musc, 0.31), (W, 0.36)
| B (el o) &) 2R<ER

P
(Tt A I SR - — - r r
& LTiah (R - 0.2) ] W T W T, T IR T e, T I
——

[ BHLEMRBOEEAS FLOTESEHEL. CNERRBEEAT LEADT

[X] 3. FrEERHZENZ L DIERE

SSFEITIEIZOWTHR D, Chen HOFETIE, £, H¥E
R T —ZZHNDAFADHEFERI ML O EFHE LT (2
N&ETTTHRARRT IV ERES) . IRIC, FHEHGEI ML
LA TRAMI MOV A HALEEFIR L. Bk, =
PAABRE OB 2 0 205 1 ETHRIRLARNS, 1428
[ i | FEANT IV EOA SRR UL S Reb En
HBOIHHELT-. BEOFESIN LoV A AP ERFRET

HDOH, WTHOFRESTMVEL YA SERE DL R TH
DAL, [Fofh 255U,

—JF, BFFROTIETIE, £T, HFEMRT —XIBINDHE
(ZDNWTCH & BEEERT ML A ST, ZOFERICHL, o948
LUE DRt % 0 235 1 FTTELRND, FHERHFESIK
NEDIFA AR ED L, LA EOFERBINDEICATT Z+1 L
7o LLEOFET, 227 Db @ Wb O ELT. DA
a7 BEED, WThoR2THS 0 OFE, [ZoM Iz 3EL
7=

4. FHEREREEBR

K FIETHRUZEARITR | 0BT, [MHRHEOHE
SDEEDERFNEATIL ) DRETE AL TOBOH S A
WL THY, THEEO ML EN SR M ML
Z TR DA T EAS I ML B LT B0 28 TA
MRS D0 | Chhd. F72, Chen HOFESLOANEDF
VT, o A B OB, t, AT 5 CIEAR
DI LT o T L E DA R LTS,

1. HFYCERLSEEHE

7B%
BO%
45%
63%
71%
76%

SRR LU QI HY R I AR E A RO DT
N, 0 EEIC LD EARIL 80% THT-DITHIL, AHF
TEDFIEICEDIEERIT 76%L, HlidH0EE I B2 0E
DDARA L MEND HOIKHEA R LTI, AIE—EiE
BLZEE 2 5.

5. BHYIC

ARFFETIL, SIS L CR MRS HATE L, F¥
BIHFERT MVEAERR LTz B C, SRR ML &5 3%
L OFEORBE NG P EEATOFIEICEY, BIEELT 280N
BB W E DT NIV R LT HZ LI
L7z

A, BT NEFREIIEIC2Rm B ToN5. 1B,
word2vec ET /UAZEDTORMGEDIFAEN, /3 FRGE M Lo
BED 127272 s Tdhb. fasttext “E7 /L[Bojanowski 2016172
EETEML, KRBT D EIMES HE§ 2L ToHtakG
) ESELNDFREED DD,

2881, 7NV R LDOPAMEOHEETHS. K585
BRI Ga v~ NZREL, B RTA—Z DR LE T8>
TWATD, NG EE L LI G A e\ T A—4Th
DDNIHETR TE TRV, SRR R A I CIOAE E ofth A
SENIRRL, LR T VTR L XTA—=ZThHDMRGET
DEDDD.

SEXH

[Chen 2014] D.Chen, C.D.Manning: A Fast and Accurate
Dependency Parser using Neural Networks, Proceedings of
the 2014 Conference on Empirical Methods in Natural
Language Processing (EMNLP), 2014.



3C4-J-9-02

The 33rd Annual Conference of the Japanese Society for Artificial Intelligence, 2019

[Mikolov 2013] T.Mikolov, I.Sutskever, K.Chen, G.Corrado,
J.Dean: Distributed Representations of Words and Phrases
and their Compositionality, CoRR, 2013.

[wordnet] http://www.nltk.org/howto/wordnet. html, F#&7 7+t
A H:2019-02-03

[H 7 2017] B AHERR, HARFH, NRBEKR, 7680 AR, 4
Ht: FFFEE2S B L2 H AGEOHEE S BRIOTH, 1F
HALB AR FE S, 2017.

[gensim] https://radimrehurek.com/gensim/index.html, &7 27
A H:2019-02-03

[Bojanowski 2016] P. Bojanowski, E. Grave, A. Joulin, T.
Mikolov:  Enriching Word Vectors with Subword
Information, CoRR, 2016.



