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Story Creation System based on Sentence Similarity for Supporting Contents Creation
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In recent years, there are lots of researches to generate creations such as comics and novels by computing
methods. Especially, the orders of sentences is very important for the quality of stories. Thus, the aim of the
research is to construct story creation system in order to consider the flow of the story based on the sentence

similarity.
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*2  Gensim, https://radimrehurek.com/gensim/
3 Dash by plotly, https://plot.ly/products/dash/
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