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In this paper, we investigate which features are efficient on toponym resolution of words in newspaper articles.
Speriosu’s TRIPDL algorithm are used in the investigation, and an extension version of TRIPLD is also used to
diminish data sparseness problem. We focus on nouns and four types of named entity classes (ORGANIZATION,
PERSON, LOCATION, and ARTIFACT), which are used in standard named entity recognition task. Through the
experiments, it turns out that using only LOCATION words achieves better performance in terms of both accuracy

and computational complexity.
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