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A Proposal of A Representation for A Shape Change Based on Process-Grammar
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We propose a qualitative spatial representation focused on shape change. Our goal is an application of logical
reasoning of the representation to an organogenesis process. In the process of organ creation and cell division, such
phenomena as generation of a concave part from a simple sphere, creation of a tangent point and division of a
unit are frequently observed. We propose a symbolic expression that is an extension of Leyton’s Process-Grammar,

to represent features such as concavity, tangent point and division.

Symbolic expression and formalization of

transformation rules enable us to give a reason for an observed shape change and to predict possible transformations.
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