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CPA(Cost Per Acquisition) is a crucial indicator for internet advertising. Generally, ad serving systems accept
target CPA for advertising campaigns, and systems adjust bid prices according to their target CPA. But, when
inputted target CPA are too low, advertisers will not be able to get enough conversions. In contrast, when target
CPA are too high, advertising costs will be too high. In this study, we aim to construct a model to optimize
advetisers’ profits. At first, we expressed the nonliniality between prices and conversions using Poisson regression
model. Next, we derived a model to maximize advertisers’ profits. And then we investigated the behavior of the
model by evaluating profits of advertisers and media.
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1:
ID CPA CTR CVR

1 213 1.95% 3.78%

2 222 3.11% 1.37%

3 996 1.71% 3.50%

4 862 1.25% 4.83%

5 341 0.85% 3.78%

6 1174 1.16% 1.99%

7 962 2.14% 4.16%

8 542 1.44% 4.21%

9 697 3.49% 4.13%

10 395 2.60% 2.99%
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2:
ID rcs bcs

1 1.062 1.132

2 0.667 0.500

3 1.500 3.000

4 1.500 3.000

5 0.667 0.500

6 1.013 1.025

7 1.500 3.000

8 1.362 2.137

9 1.484 2.876

10 1.303 1.869
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