4C3-J-13-01

The 33rd Annual Conference of the Japanese Society for Artificial Intelligence, 2019

He B2

EILSR S22

BREAD 72D DIREEFERIN S AT LB B

RS E

Feature Representation Learning of Vibration-based Anomaly Detection
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The present paper describes neural network (NN)/Gaussian mixture model (GMM) tandem connectionist
anomaly detection to efficiently develop and operate condition monitoring systems. The key to the success for
that purpose is robust feature representation learning that effectively exploits normal-state and faulty-state data
collected from non-target machines. Experimental comparisons conducted using vibration signals from actual wind
turbine components demonstrated that NN/GMM tandem system developed using faulty-state data from non-
target machines yielded significant improvements over the existing system, and that NN/GMM system developed
using only normal-state data from target and non-target machines also performed better than the existing system.
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