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The bias of the training image data is considered to have a great influence on the identification of mimicable
organisms. The purpose of this study is to examine the effectiveness of Guided Attention Inference Networks
(GAIN) for recognizing the Anolis carolinensis. We also confirmed the improvement of classification accuracy from
the verification results.
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3: Attention Map

1:

Train Valid Test Sum

Positive 839 226 378 1443

Negative 839 226 378 1443

Sum 1678 452 756 2886
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