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end-to-end training based action type generation for multi-party conversation robot
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Action generation method for multi-party conversation system using multi-modal information based on machine
learning technique is proposed. Since data for conventional end-to-end training contains concrete system utterance
contents as output, systems depend on tasks and domains. The study proposes end-to-end system that generates
an action type, which is abstracted action. An action type is independent of conversation task, so the system has
high versatility. Data collection is conducted under Wizard-of-Oz manner, where a wizard chooses appropriate
action type and the utterance contents are generated from the existing modules automatically. The result of the
preliminary experiment conducted using the data collected shows effectiveness of our framework.
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