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In the event of a flood disaster, grasping the inundated area is important for appropriate evacuation behavior and disaster

prevention activities. This research aimed at predicting the inundation area instantaneously from inundation observation

information at the time of a flood disaster. First, physically based flood inundation simulation was implemented under various

conditions. Pseudo observation data of inundation was prepared by randomly extracting the inundation depth from the

calculation mesh of the inundation simulation. Using pix2pix, we constructed a predictor to estimate the inundation depth

distribution from observation information. The constructed model shown reasonable predicted inundation range.
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