4Q3-J-13-04

The 33rd Annual Conference of the Japanese Society for Artificial Intelligence, 2019

—a—7)bpxy MIED JKHZILT 5
7 hV ¥ a—Y 3 YT Time-Smoothgrad DS

Time-Smoothgrad: A Method Extracting Time-Varying Attribution for Neural Networks
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Deep neural networks become applied to industry time-series data for anomaly detection, product quality predic-
tion, and so on. For these applications, temporal interpretations of the neural network models are very important
to determine next actions. Attribution map methods, including the saliency map, can be used to interpret re-
lationships between the inputs and outputs of a neural network in terms of partial differential values for image
classification tasks. In this paper, to aim application for industry time-series data, we propose Time-Smoothgrad,
an extended attribution map method to prevent unstable and noisy influence values caused by complex models and

time variation. Experiments on artificial and real data show the efficiency of the method.
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