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Sentiment Analysis of Japan Economic Watcher Survey Data with Japanese BERT model
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A new language representation model called BERT, which stands for Bidirectional Encoder Representations
from Transformers obtains new state-of-the-art results on eleven natural language processing tasks in English. We
build a Japanese version of BERT model with Japanese Wikipedia data and perform sentiment analysis of Japan
Economic Watcher Survey Data. We confirmed that the result of sentiment analysis using the Japanese version of
BERT model is better than the result without the model.
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3% 2: BERT I &2 Hii#E 2 H\ 22 v F AV Mok

precision  recall F1 score support
RBw 0.75 0.58 0.65 1,715
PR 0.88 0.90 0.89 18,935
2D BN 0.87 0.86 0.86 41,602
XX 0.77 0.81 0.79 23,866
B 0.76 0.67 0.71 8,427
Total 0.806 0.764 0.78 94,545
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