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In recent years, Japan’s elderly population has been growing. As a method of reducing the nursing care period, we 
studied a fall risk detection for elderly people. Our aim is to detect the fall risk with contactless sensors. First, we took a 
video of the 5-meter walking test by 40 subjects. Then, we processed them using OpenPose. Finally, rehabilitation exercise 
instructors evaluated the fall risk at 3 levels. In this paper, we reported on 3 machine learning models and evaluated the 
accuracy of the fall prediction. As a result, we found that all algorithms obtained accuracy of around 80% even with 
contactless sensors. 
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Subject A B C
Eye line (degree) 139 127 133

Heel height (cm) 10.6 7.0 8.8

Toe height (cm) 6.2 6.1 2.6

Stride length (cm) 71.4 45.5 33.3

Gait velocity (m/s) 1.5 0.7 0.6

Possibility of fall risk

Subject A Subject B Subject C
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