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‘Multiple emotional tagging by integration of two datasets: definitions of

human values and storytelling methods.’
The first prototype of an app ‘“The Guidebook by Your Suggestions’
produced by 'Relevant Intelligence Communication Consortium’
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AOI TYO Holdings, Inc. / Relevant Intelligence Communication Consortium

The session contains two parts: 1) Brief introduction to the ‘Creative Genome by AOI TYO Holdings’ that is a study on the relevance

between storytelling & impressions, that I have mentioned in Jsai2018. 2) A latest prototype by ‘Relevant Intelligence Communication

Consortium’ (composed of Synergy Marketing Inc, Amana Inc, and AOI TYO Holdings Inc.), focused on studies about psychological

suggestion. In this app we integrated the consortium's two databases, *Societas’ by Synergy Marketing (for Human Values) and ’Creative

Genome* by AOI TYO Holdings with connecting each data-definition in order to model the relevance between one’s value-type and the

bias for one’s preferable story-type. With utilizing this model we so far aim to define original emotional data labels onto all affairs and

things in the world. Additionally I would refer to our HI (Human Intelligence) study which is the foundation of this prototype production.
Keywords —artificial intelligence,cognitive science, story telling, context, tag, emotional tagging, creation, algorithm
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‘Sensory sensibility values’ “Hannya” and ‘Mind design’
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Synergy Marketing, Inc. / Relevant Intelligence Communication Consortium

Communication based on understanding of human is very important. However, it is not always important to understand the

mechanism. In this paper, we present ‘Mind design’ to extract only emotional value (sensory sensibility value) from

enormous information.
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Two Elements and Two Techniques for the Narrative Generation of Kabuki
Survey, Analysis, and Synthesis for Geino Information System

Takashi Ogata™

*I Twate Prefectural University

Jumpei Ono*!?

*2 Vocational School of Digital Arts Sendai

Abstract: The author has surveyed and analyzed the elements and techniques in kabuki from the viewpoint of narrative
generation, in particular in the framework of a Geino Information System (GIS) with an Integrated Narrative Generation
System (INGS). The objective of this paper is to select two kabuki elements, person and story, and two kabuki techniques,
naimaze and tsukushi or zukushi, to consider their combinatorial, or multiple, usage. As a result, the author presents an
example that contains the automatically generated and edited descriptions of an actor, the synopses of two works, and a
scenario edited using the techniques of naimaze and tsukushi. This example corresponds to a story in a certain point of time

in the circular process of GIS with INGS.

1. Toward Introducing Kabuki Knowledge into
GIS with INGS

Regarding this paper’s overall objective, the author proposes
the kabuki study as narrative generation toward making
narrative techniques in kabuki (Ogata, 2016b, 2018a, 2018b,
2019). In particular, the author surveys and analyzes kabuki
elements (person and story) and the techniques (¢sukushi or
zukushi and naimaze) to consider their combinatorial, or
multiple, usage. The latter techniques are understood as a
group of universal narrative techniques that can be commonly
applied to the various elements.

1.1 A Macro Framework of GIS with INGS

INGS is a single narrative generation system that corresponds
to the first mechanism in the modeling of the author’s
comprehensive narrative generation research. For the second
mechanism, it is necessary to concentrate on the meta-level
mechanism that controls the use of one or more INGS(s),
namely, GIS. This is the meaning of the term, “GIS with
INGS.” The kabuki survey and analysis result will be able to
contribute to any part of INGS and GIS.

Figure 1 tentatively plots the knowledge elements of kabuki
related to the extension of GIS with INGS. A variety of
elements concerns in the generation of a kabuki play on the
stage, in a theatre that has the seating and the audiences.

A kabuki play j;ﬁ l:
Stage ( Stage dircction |
| Scenario
|
|

Seating

| production

| &
| S—
,J E— Audience \,f T En_éf"
Theatre

Real Material

and topic,

Story
and plot

Figure 1: kabuki production Structure using knowledge
elements (Source: Ogata, 2016b)

Regarding the framework of the relation between INGS and
GIS, as shown in Figure 2, overview, INGS plays narrative
generation as a single subject. In contrast, GIS produces
sequential narratives on a broad level that includes each
narrative work and narratives of geingjins (entertainment
performers) as ordinary persons, actors, and characters.

Contact: T. Ogata, Sugo Takizwa-shi Iwate 152-52 Japan,
Tel.019-694-2500, t-ogata@iwate-pu.ac.jp
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Figure 2: Expanded narrative generation by GIS with
INGS (Source: Ogata, 2019)

2. Two Elements and Two Techniques

This section introduces two types of kabuki elements, person
and story, and two types of techniques, naimaze and tsukushi.

2.1 Person

In kabuki, there are various kinds of “persons,” such as “actors
(or performers),” “(dramatic) characters” and “real persons.”
These temporally and spatially form and possess multiple
existences and relationships.

(1) People as Actors: First, the actor performs a character on
a kabuki stage. However, many kabuki scenarios were
written to emphasize and strengthen the personalities and
characteristics of actors or performers.

(2) People as Persons: Although the actor is a human who has
a real body, a real person in kabuki is further divided into
two parts: the real actor who is represented by his “stage
name,” and the real human who is symbolized by his “real
name.”

(3) People as Characters: Conversely, a “person” as a
character is not limited to a single kabuki play. A character
is an existence who represents a particular scenario in
relation to the other appearances in the temporal and
spatial situations of kabuki. A character overlaps with his
or her appearances in other kabuki plays and other genres.

2.2 Story

The author considers story (scenario) in kabuki. First, the
multiplicity that is realized in various levels and combinations
in the narratives of kabuki, in the wide sense that the author
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has stated, produces a difficulty in perceiving kabuki. Inumaru
(2005) demonstrated the multiplicity of kabuki’s stories. This
book is a unique effort to restore a book on kabuki at
Kawarasaki-za (in Edo) in Tenpd 11 (1840), from a total title,
Kibakazari Chiishingura (1840). This title refers to an edited
collection in which several existing plays are combined. As a
sequence of plays in Kibakazari Chiishingura, Sayogoromo
Oshidori no Tsurugiba by Namiki Sosuke (1695-1751), this
makes up the first part, and T6kaido Yotsuya kaidan and
Kamikakete Sango Taisetsu by Tsuruya Namboku IV follow.
This chapter shows the following multiple characteristics of
this kabuki work: Real event; Work; Genre; Material or topic;
Person; Time (era); Theater (stage and seats); Production,
Direction, and stage play of scenarios.

2.3 Naimaze

The author presents an idea for implementing naimaze in
INGS and GIS (Ogata, 2018d). First, the author describes the
method to position naimaze in the multiple narrative structures
model of kabuki. Naimaze is made to correspond to the
positioning of the meta-level concept for fifteen topics of the
multiple narrative structures. Naimaze is regarded as a kind of
narrative technique that utilizes several elements in the topics
in the meta-level and traverse. For example, although applying
a naimaze technique to a story or plot is the most general
usage, naimaze is also related to the element of a “character”
as a “person.” In particular, though it is possible for naimaze to
mix “stories” or “plots” of two or more narratives, the use of
the naimaze of “stories” or “plots” is related to the naimaze of
“characters” of different works. Similarly, introducing
“characters” from different existing works into a new work
enables the associative relationship of the new work to past
works.

2.4 Tsukushi or Zukushi

To consider the introduction into narrative generation, the
author focuses on techniques of tsukushi (Ogata, 2016a). The
author comprehends tsukushi from the perspective of
techniques through which they respectively relate, meaning
that objects are inserted or sprinkled into a narrative work or a
part. To define tsukushi for generation techniques in a
narrative generation system, in particular INGS, it is necessary
to prepare the following three elements: (1) In the objects of
tsukushi, physical objects, characters, places, times, abstract
objects, and all noun concepts can be the objects. Words
themselves, like adjectives, can be also the objects. However,
the objects are basically noun concepts. (2) In the basic
methods of #sukushi, methods for connecting objects to each
other are included and principally divided into methods by
semantic relations and non-semantic relations. The former, for
instance, includes the geographical relationships of places and
the conceptual relationships of object. The latter contains the
relationships by dajares (puns) and the sound in language. (3)
In the positioning of tsukushi in a narrative, an object in (1) is
inserted into a narrative. The types are divided into the
collective insertion into a micro and narrow range and are
sprayed in a broad range. The former is a case that the tsukushi
of objects is collectively inserted into a narrative place, and the
latter is a case where the objects cover a relatively broad range
or around the whole in a narrative.

3. A Method of Structuring and Editing
Narrative Texts

The author explains the technique for acquiring character
property information of kabuki actors. The author formalizes
through a property acquisition system developed by Ono and
Ogata (2017) geingjin information of kabuki actors that were
analyzed and structuralized based on the above method for the

useful form in computer systems. The properties mean a
collection of the description of characteristics of each kabuki
actor. One of the examples can be acquired by formally
describing a Wikipedia item the following algorithm. Each
unit of structured and formalized properties can be placed on a

part in GIS.

(1) The system separates the input text into one or more sentences
based on full stops. (2) The system further separates the separated
input text by parts that match the following patterns (*Patterns:
“de,” (T, 1), “daga,” ([7273, )), “dearuga,” (I"T@HDH3, 1),
“dari,” (1720, 1), “tari,” (1729, 1), “ga,” (I3, 1), “to,” (&, 1)).
(3) The system searches target sentences for a particle matching
the following patterns, and it judges that the text following the
particle to be an attribute and the part before the particle to be the
slot name (*Patterns: “ha” ([1%]), “toha” ([&1%]), “madeha”
(METIL)), “niha” (MZid ), “nioiteha” (NI W T ),
“monoha” (IHDIL)), “ga” (723]), “mo” (% ]). (4) The system
searches the attribute text for a predicate, from the end of the text
to the beginning. (5-1) A predicate exists: Make the remaining
part the processing object. (5-2) No predicate exists: If there are
not untreated sentences, this process completes, else returns (3).

4. A Sequential Generation Example

The author shows a narrative generation process based on the
connection of several generations using the elements of person,
story, and the techniques of naimaze, and tsukushi.

4.1 Analysis and Generation of Person’s
Information
The author considers how acquired, described, and

structuralized property information of kabuki actors are
connected to GIS and INGS. Figure 2 included the conceptual
figure of GIS itself. The geingjin information and life
information of kabuki actors are stored in the geind resource
and life resource. At the same time, Figure 2 indicated that
GIS with INGS, generates and produces from a narrative to the
sequence of narratives and receives and consumes them.
Moreover, this figure also showed the circulation of these
processes.

In this section, the author divided kabuki actors’ text
descriptions in Japanese Wikipedia into geind resources and
life resources and determined respective hierarchical structural
forms. The author formalized the text data into property
information that can be utilized in the author’s narrative
generation system, namely GIS with INGS. The author
showed Ichikawa Ebizd XI’s property information acquired
from Japanese Wikipedia based on Ogata (2018a).

Next, the author presents a simple method for treating the
element of “persons” in kabuki by computer program. This
program is designed for use in INGS and GIS. First, the author
determines the knowledge description structures of kabuki
actors (geingjins) through the survey and analysis of several
actors. As an example, the author focused on Ichikawa Ebizd
XI and analyzed the hierarchical structure of his Japanese
Wikipedia and the items were re-categorized. In particular,
these items were divided into two types of information, “geino
information” and “life information.” Further, this hierarchical
structure had subcategories under the geind information and
life information. In the geiné information, the author meant the
information including geino activities themselves and the
relating information. Life information contained the private
lives and families of actors. For the categorization, information
regarding performances and family could be directly
categorized in the geino information. On the other hand, for
elements that overlap in geiné information and life information,
new groups or categories were created.

4.2 Selecting and Editing Stories

The author selected two stories of kabuki works, Sukeroku and
Narukami, that Ichikawa Ebizd XI has frequently played.
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Figure 3 and 4 introduces these scenarios’ synopses. Figure 5
and 6 are the structured descriptions using the above program.

Furthermore, in this example, as a narrative work in the
context of GIS, the author supposes to make a kind of
advertisement stories including explanations of Ichikawa
Ebizd XI and two kabuki works, Sukeroku and Narukami,
further the synopsis of a scenario applied the following
naimaze and tsukushi techniques. The presentation on the stage
by Ebizo of newly constructed kabuki work is planned in the
virtual world in GIS. Figure 7 preliminarily shows the basic
construction of the advertisement stories.

4.3 Using Naimaze

This part synthesizes the synopses of Sukeroku and Narukami
into a new scenario using naimaze techniques as shown in

JIFBARL S RECEELOLE S RENIE, BRORT AN EET O ER
(il TV, e 2B AR ES ST, i IChE Lk BT TR B L5
VIDTHS, TR EHRICLTOSIEEOWEL, BB ICE B R0 R iR,
BRI A T DL S0 B AR N LD L B0, FE0Ed L0
2y, EL BB S E oL RO ISR TEORICER TS, MRoK
Bt R A SURIEE LM kD, Pa TSR — AORf
i rw.tzri)ﬁ St LM, WO ZLIZEOME, R ELRL TR TE]
ST O T O ZOR AT, L A b S b
e Marwa«:, ﬁ- IO R, BRI AR TR R T
Y, KOAEEO TREZRWLZLETEONT, ARLLOAIELT, B (%
EEORR (#E.r-{—r’i/fiﬂvl'lii'ﬂri) A NAHE L T A HT. [Soga no Goro,
who appears as a guest named Hanakawado Sukeroku, goes to Yoshiwara (the entertainment
district) to search for Genji's treasured sword “Tomokirimaru. In Yoshiwara, which is a
place where various men gather, he intentionally tries to start fights with men so that they will
draw their swords, revealing if they have the sword he is searching for. Agemaki is a
caurtesan who is frequented by Sukeroku, and the magnificently bearded Tkyuu also appears|
with Agemaki. Sukeroku thinks that Tkyuu might have Tomokirimaru and tries to get him to
draw his sword, but he is unable to. Sukeroku’s older brother, Soga no Juro, than appears as a
seller of white sake, and on hearing the opinion of his younger brother, he himself starts!
trying to pick fights. Soon Agemaki retumns to the stage accompanied by a samurai. Sukeroku
tries to pick a fight with the samurai, but surprisingly that samurai is his mother, Manko, in!
disguise, who has come because she is worried about the two brothers. Manko dresses!
Sukeroku in an easily breakable paper kimono and warns him against a fierce fight, and they
return to Juro. Ikyuu once again appears on the siage. Ikyuu sees that Sukeroku is actually
Soga no Goro, draws Tomokirimaru and tries to persuade him to betray Genji. Sukeroku of
course does not agree to this, cuts-down Ikywu, retrieves Tomokirimaru, and leaves!
Yoshiwara. |

Figure 3: Synopsis of Sukeroku (Source: Ogata, 2018a)

MR O RSO EETES T, whid kA
Fhdt, REChA RS ES, LALSDXS
Boofs LTSI A T, AR+ R AL B T
FHO G 23 B A5, Ao CEp 7S AR By, FLE B D13
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A S ThDIMMA 5 SR, B2 DR U 2 —Fibi
I SR T THA LAY, BT T DML T 5, HOFICRE
Ligsn RAEPROTEEY, B EE TV SR LT
L, £ iAW T %, [The rain has stopped falling and the whole country is suffering
from a drought. This is because Narukami Shonin (a priest) holds a grudge against the
Emperor for not keeping his promise, and has caged the dragon god of rain behind a
waterfall. A beautiful young women appears, heading for Shonin's hermit cave in the
northemn mountain, She says that she wants to wash the clothes of her dead husband in
which her feelings for him linger, but because there is no water, she has come to the
waterfall to find the water to wash the clothes. To say farewell to her husband, the woman
crosses the river toward Shonin, and lifis up the hem of her skirt to reveal her white legs,
and without thinking, Shonin bends forward toward her. To the suspicious Narukami
Shonin, the woman turns and says that she wants to become a nun and his disciple. Shonin
sends out his two disciples, Hakuunbd (the white cloud bonze) and Kokuunbd (the black
cloud bonze) to bring her nun garments, and then the woman suddenly becomes sick. The
surprised Shonin attends to her, and while doing so he touches her breast. He has never
touched a woman hefore and he is gradually unable to control his desire due to the sofiness
of her skin. Seizing her chance, the woman brings out to drinking cups and gets Shonin
drunk, and in his drunkenness he reveals that he keeps the dragon god imprisoned behind @
sacred rope across the waterfall. As Shonin sleeps drunkenly, the woman creeps away and
cuts the rope and releases the dragon god, and immediately it begins to rain heavily. The
woman was in fact Kumonotaema Hime (Princess), the most beautiful woman at the court,
sent by the Emperor to break the power of Narukami. When he revives and becomes aware
of what happened, his hair stands on end and he becomes enraged, he tums into flames, he
fights and knocks down the disciples who attempt to stop him. and he chases after the
princess. |

Figure 4: Synopsis of Narukami (Source: Ogata, 2018a)
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Figure 5: Property data of Sukeroku (Source: Ogata, 2018a)
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Figure 6: Property data of Narukami (Source: Ogata, 2018a)

Episodes Related to the Stage of Ebizo XI

Sukeroku’s Narukami’s
Explanation Explanation
Original Story of | Originanl Story of
Sukeroku Narukami

Mixed Story of Sukeroku and Narukami
Using Naimaze and Tsukushi

Figure 7: Basic construction of the advertising stories

Figure 8. In this example, the story of Sukeroku is inserted into
the story of Narukami. The position into which Sukeroku is
inserted is the position where a narrative space changes to
another space in Narukami and Kumono-taema-hime in
Narukami is exchanged to Agemaki in Sukeroku who is a same
female.
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Figure 8: An example of synthesized Sukeroku and
Narukami by naimaze technique
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4.4 Using Tsukushi

Furthermore, the synthesized story of Sukeroku and Narukami
is extended by the use of tsukushi technique. In this example,
on the story generated by the naimaze technique, the tsukushi
of the Yamanote line (a railway loop line in Tokyo). The
spaces in all of events contained in the story is exchanged to
the stations in the Yamanote line.

4.5 A Final Example and the Positioning in GIS
with INGS

Finally, according to the story construction in Figure 7, final
story structures are generated, including the explanation of
Ichikawa Ebizd XI, the explanation of two kabuki works,
Sukeroku and Narukami, the works’ original synopses, and
synthesized and expanded kabuki synopses applying naimaze
and tsukushi techniques. A generation example is shown in
Figure 9.

5. Conclusion

As a result, the author presented an example that contained the
automatically generated and edited descriptions of an actor, the
synopses of two works, and a scenario edited using the
techniques of naimaze and tsukushi. This example
corresponded to a story in a certain point of time in the circular
process of GIS with INGS. In the future directions, the author
will continue to survey and analyze kabuki elements and
techniques and experiment circulative narrative generation
through GIS. Moreover, although INGS was not directly used
in this attempt, the author will connect kabuki’s techniques
with the mechanisms in INGS.
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KAKENHI Grant Numberl8K18509 (“Narrative Generation of
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Abstract: The purpose of this research is to propose a mechanism to generate advertisement plots in TVCM automatically.

TVCM is a short video. However, TVCM has some common structure, and in that respect, it has a story subject to the theory

of story. In this paper, we focused on stories in advertisements and proposed an integrated story generation system and an

advertising plot generation method using “Creative Genome.”

The former is a narrative generation system that integrates

narrative theory and artificial intelligence technologies and the latter is a data set describing the influence on the recipient’s

emotion and the production method for the existing CM. The proposed method gives a specific generation procedure and
constituent elements to the latter by the former knowledge system. Through the above, our proposed mechanism became
possible to generate advertisement plot by fusing “Creative Genome” which is research based on the theory of narrative, and

various results of INGS.
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A Basic Study for Using Folk Tale’s Motifs to Narrative Generation

INE ST NI T Rk fhnk™
Jumpei Ono Takashi Ogata Takuya Ito

AT LT — VLA
Vocational School of Digital Arts Sendai

A FRSLRE

Iwate Prefectural University

Abstract: The purpose of this study is to use the folk tale’s motif in narrative generation. A motif is a unit including a major

act made by a major character composing it and an action corresponding to it in a certain folk tale. We have developed a motif

program for these purposes. This program is based on the folk tale recorded in “Nihon Mukashibanashi Taisei”. The motif

program has a tree structure data based on the structure of the original folk tale and a mechanism to convert the tree structure

data into a narrative tree that uses it in narrative generation. With the above developments it became possible to create a story

using the folk tale’s motif.
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