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Analysis of Terahertz Spectroscopic Measurement Data of Ion Hydration State Using Machine Learning
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Tablel The coefficient of determination at each g 1.0t . A
. = o .
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Learning Method 8
(@Training data) (@Test data) 0.0y . ‘ ‘ ‘ ‘ ‘
Least-square Method 1.000 0.320 0.0 05 1.0 1.5 20 25 3.0
Ridge Method 0.922 0.880 . _ Truevalue [M]
Fig. 1 Prediction result of test data using
Lasso Method 0.967 0.806

learning model of Ridge method.
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