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Approach to acquisition of phrasal symptom expressions

from a large web archive: A pilot study.
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We propose a method to get phrasal symptom expressions using a large web archive that includes a large amount of
texts written by non-medical experts. Our final goal is to develop a diagnosis support system that makes a diagnosis
according to the natural language inputs provided by patients. Existing work for symptom expression extraction have
mainly focused on the extraction of "symptom words", but in this work we focus on the extraction of "phrasal
symptoms", such as “have a pain in the head” and “have tinnitus”, which were less focused on in the previous work.
In the proposed method, we extract phrasal symptom candidates that contain a word representing a body part or a
symptom word that was collected in our previous work. To do that, we developed a Bidirectional Encoder
Representations from Transformers (BERT)-based body-part classifier using manually created training instances. We
assessed the usefulness of our phrasal symptom extraction method by ranking the extracted phrasal symptom
expressions with their frequencies and manually evaluating the top 2,000 expressions. The results show that our

method achieved 78.9% in accuracy.
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