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Obtained by Mobile Phone Terminals
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Abstract

In recent years, artificial intelligence technology (AI) is not only applied to general images, but also to medical
images. The use of A/ in the medical field requires timeliness and high accuracy. Classification model in Al needs
high-precision computer and software, and special terminals to evaluate images. Therefore, it is necessary to
evaluate accuracy of medical images obtained using the terminals. This study aims to evaluate the accuracy of image
classification obtained by portable terminals with respect to the image location of CT images and the use of contrast
media in image classification. Objects are CT images converted to JPEG format. The images displayed on a PC was
photographed and saved by a portable terminal. The captured images are pruned by software to remove redundant
areas. Calculating the accuracy of an abdominal CT image using a contrast medium by using a conventional CT
image model (using 22 layers of Google Net) of images of these three types of images (CT images (original images),
CT images taken by the portable terminal (portable terminal images), and CT images after the image processing
images)), and the mean values are compared. In the comparison of the calculated accuracy (confidence), the order
of the original image: 0.92 (0.96 = 0. 02), the portable terminal image: 0.54 (0.77 £ 0. 10), and the image processing
image: 0.86 (0.94 £ 0. 05) was higher. In the mobile terminal image, the accuracy can be considered to be reduced
due to the fact that many parts irrelevant to the background were captured. In the image processing image, by
removing the redundant area, the feature amount becomes easy to detect, and thus the accuracy can be considered
to be improved.
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