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Development of Morphological Analyzer for Drug Name
Hiroyasu Sato, Yuki Ebina, Yuki Sanai, Tomoyuki Shimazu, Chikara Kita, Hiroshi Tamura, Hiroaki Watanabe
Pharmaceutical Department, Obihiro Kosei General Hospital

In recent years, research on natural language processing (NLP) using text information such as medical records have
been actively conducted. In medical text information, drug name often exists, but the fluctuation of the expression
is large. It is difficult to simply specify the drug. We planned to construct an algorithm to identify a drug from the
drug name information in the medical text information. For the purpose of developing a morpheme dictionary for
drug names, this study tried to distinguish the names of approved drugs from medical pharmacological

morphemes.

The algorithm was built with Visual Basic for Application and implemented as an Excel user-defined function “Drug
MA”. As the morpheme, “general name”, “brand name”, “drug strength”, “drug concentration”, “drug form”,
“maker name” and the like were set. Two pharmacists evaluated 500 items randomly extracted from the
morphological analysis results. The analysis accuracy was improved by modifying the algorithm based on

inappropriate cases and repeating this.

The accuracy of the constructed algorithm is 99.2% (496/500). In the future, we plan to create a dictionary for
identifying medicines from medical record text information using the algorithm we have constructed.

Keywords: Drug Name, Morphological Analysis, Natural Language Processing (NLP).
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